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RESULTS

Paired t-test p-values between AUCs of real and
control: per-sample output vs. gt / average output
vs. gt (grouped by ). Bolded values indicate
statistically significant differences.

Output matrix averaged over all samples before comparison to the ground truth
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Next Steps: We are currently mvestigating a
Decision Flow framework, based on Markov
Decision Processes, that models causality through
modified transition probabilities.
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